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MorivaTiON LACSH BuUILDING BLOCKS AND DATA
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RANKING cOMPARISON ACROSS LACSH 1.0 (MML), sPi, HDI, LACSH 2.0 (GGHE) Fie. 2: Examination of policy effects of (a) MML and

(b) GGHE on latent health
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Table 1: Posterior median ranks of countries in

LACSH 2.0 with GGHE as treatment variable, and as-
sociated 90% credible intervals
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